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Goal

Generate bitmap font variations
using the latent space trajectory of
font-specific generative models to
assist in designing variable fonts.
Input single-character font bitmap
Output bitmap font variations

Motivation

« Variable fonts allow you to freely
change the parameters of font
properties.

« However, their design process is
too detailed and time-consuming.

« To tackle this problem, we extend
font-specific generative models to
assisting in the automatic
generation of variable fonts.
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1. Optimize the direction of a latent space trajectory of a font-specific
generative model [1] based on a method in [2].

2. Generate bitmap font variations from the bitmap of a single-
character font by leveraging the direction of the trajectory optimized
for the desired property.

Evaluation

Dataset 250 (Weight) / 60 (Width) variable fonts x 62 characters (0-9, a-z, A-2)
GT Rasterized real-world variable fonts

Baseline Geometric transformation (morphological transformation’ for
weight. horizontal scaling for width)
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Quantitative Comparison

Ours (L2 )
0.1695
0.1429
0.2418
0.2338

Baseline (L2 |)
0.2590
0.1908

0.09437
0.07793

unseen font (weight)
unseen character (weight)

unseen font (width)
unseen character (width)

1geometric transformation that erodes or dilates an object in an image
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